INTRODUCTION
The programs ASPAR, ENAS, APROB and GSAS use a statistical model to represent an aftershock sequence. The model, which is described in the report "Earthquake Hazard After a Main Shock in California" ; also see Reasenberg and Jones, 1994) , is based on the Gutenberg-Richter relation for the magnitude distribution of aftershocks and on Omori's Law for the dependence of the rate of aftershocks on time. These reports, which are included here in Appendix I, present the model and describe its application to California aftershock sequences, from which a "generic California model" was developed. The nomenclature used in these reports is adopted here.
The computer programs ASPAR, ENAS, APROB and GSAS were developed as a group during the late 1980's and early 1990's. Versions of ENAS and APROB dated earlier than February, 1994 , are known to include a computational error, so be sure you are using current versions of the programs. This report is not intended to fully document every aspect of these programs, but rather to briefly describe their function so that a seismologist may be able to decide whether the programs suit a particular need. Because these programs are research tools, their performance may depend on the data to which they are applied. For example, I have come across a small number aftershock sequences that hang-up the subroutine that estimates the Omori's Law parameters. This routine uses a method of successive approximation that, for some particular set of aftershock times apparently fails to converge; interruption of the program is needed in these few cases. Other unexpected and possibly undesirable behavior is pos-1. Short-term hazard assessment. The programs provide rapid estimates of the probability of aftershocks (including potentially damaging ones) for hazard assessment purposes. These estimates of probabilities have been released as hazard advisories to the California Office of Emergency Services and as forecasts to the public and news media after significant earthquakes in California. The advisories and forecasts have been useful in communicating to the public the hazard associated with aftershocks. For example, the aftershock hazard forecasts were used to guide businesses and individuals in deciding when and whether to reoccupy certain damaged buildings after the 1989 Loma Prieta (M7.1) and 1994 Northridge (M6.7) California earthquakes.
The effective translation of aftershock probabilities into understandable hazard forecasts is critical. Some people apparently do not understand the meaning of statements involving probabilites, and considerable public confusion has arisen when the news media have reported our aftershock hazard forecasts. For example, one individual thought the statement "There is a 50 percent chance of a damaging (M>5) aftershock in the next three weeks" meant that it would be safe for the next three weeks, after which time a damaging aftershock might occur. A discussion of the pitfalls encountered and lessons learned in communicating hazard forecasts after the 1989 Loma Prieta earthquake is given in Reasenberg (1990b) . Since then, our experience with the 1994 Northridge earthquake (Reasenberg and Jones, 1994 ) has taught us new lessons in hazard communication, and we are still very much in the early stages of this learning process.
Logistical planning of portable seismograph deployments. Program ENAS pro-
vides estimates of the expected number of aftershocks within a specified size range during a specified time interval. This information has been used by seismologists in planning the deployment of portable seismograph equipment in the epicentral area after a large earthquake. Such estimates may guide both the choice of instrument type and the length of deployment. For example, on March 8, 1994 , the following table was generated by program ENAS to guide a second-wave deployment of portable seismographs in the epicentral region of the Northridge, California (17 January, 1994; M=6.7) earthquake: Table 1 1994 Northridge (M 6. Program ASPAR3X is the basic modeling program used to model an aftershock sequence and estimate probabilites for future aftershocks. The input to this program is a single file containing, in chronological order, the times and magnitudes of all the events in one aftershock sequence. The first record must be the main shock. Following the main shock are the data for the aftershocks. Several formats of data are accepted by the program, including hypo71, Caltech, U.C.Berkeley, hypoinverse and others, selectable interactively. When running ASPAR3X, the user must (1) name the hypocenter file (also called the "summary file"); (2) specify the data format type; (3) specify the minimum magnitude cutoff (aftershocks listed in the input file with magnitudes smaller than the cutoff will not be used); (4) specify the amount of time that the graphics will be left on the screen after calculation is complete. After this, the program will open a new X-window for plotting and display the earthquake data in the form of a "stick plot" (magnitudes vs. time) and a graph of earthquake rate versus time (both using log-time axes). At this time, the user must interactively select the time interval defining the data that will be used in the model. If it is believed that the data set is incomplete, for example, during the first day, or if a strong, secondary aftershock sequence occured at a later time, these features can be excluded from the model in this step. If all the data are acceptable, you may select all the data by spanning a time interval that includes all the data in the plot. To do this, place the cursor at the time of the earliest data to use, and click the "select" mouse button (left mouse button). Then, move the cursor to the time of the latest data to use, and again click the "select" mouse button. Next, the program calculates the Omori's law parameters p and c and displays their values on the seismicity rate graph. Next the program plots the magnitude distribution. Now you must select the minimum magnitude earthquake to use in the estimation of the Gutenberg-Richter parameter b. Select a magnitude above which the data appear to be complete by placing the cursor at the desired magnitude and clicking the "select" mouse button. Now, the program draws the time decay model and magnitude distribution model curves and makes a cumulative number plot of the earthquake sequence (with log-time axis). This completes the modeling procedure.
If you are running the shell script ASPAR, the graphics display will remain on the screen for the time period selected in step (4) above. After the X-window closes, a prompt appears in the text window asking if you want to repeat the modeling step.
Answer "y" if you want to repeat the modeling procedure, "n" if you are satisfied with the current model. If you answer "y", a new X-window will appear, and the above steps will be repeated.
Next, a prompt appears in the text window asking "Do you want a hardcopy of the model graphs? (y/n)". Answer "y" to produce a hard copy and automatically send it to "Ipr" (UNIX name for the default printer device. In the current setup, this device must be a PostScript-compatible printer.).
Next, a prompt appears in the text window asking "Do you want to print the model summary table? (y/n)". Answer "y" to produce a one-page summary of the calculated model parameters and automatically send it (a text file) to "Ipr".
Next, a prompt appears in the text window asking "Do you want to calculate earthquake probabilities? (y/n)". If you answer "y" here, a new program will be run (program APROB4B) that produces a Reasenberg and Jones, 1989) . For this reason I recommend that the Bayesian parameters be used in all short-term hazard assessment applications. are generated by a time-dependent Poisson process with intensity following the modified Omori's law. The sequences generated by GSAS can be read by program ASPAR with the data format option "Synthetic".
Program APROB
The first part of program APROB is similar to program ENAS in that it starts by asking for the four model parameters a, p, b and c, and will supply the generic model parameters by default. Then it goes on to calculate the probabilities for the occurrence of one or more earthquakes in specified magnitude ranges. This is the same example shown in Figure 2 , except data after April 18, 1990
were excluded (see tick marks under "stick" plot and vertical lines in rate plot, which define the selected interval). With the elimination of the secondary aftershock sequence, the fit of the model to the data is improved (KolmogorovSmirnov test accepts the model; but Chi-squared test still rejects). It seems Chisquared rejects the model owing to discrepancies in the first half-day after the main shock. Often, data are incomplete in network processing in the first day after a large earthquake, so this is not surprising. Note that excluding the secondary aftershock sequence raised the estimated value of p . This is not surprising, since it is well known that inclusion of secondary aftershock sequences artificially lowers the apparant value of the Omori parameter p. Table 2 summarizes the modeling of the Loma Prieta earthquake shown in Figure   4 . The model parameters determined from the aftershock data in Figure 4 are listed in the "post" column (a posteriori values), while the generic California parameter values are listed in the "prior" column. The result of combining these sets of parameters using the Bayesian formula given in Reasenberg and Jones (1989) is given in the column "bayes". These are the parameters that will be used in the calculation of probabilities in Table 3 . Table 3 gives probabilities for aftershocks of the Loma Prieta earthquake. The model parameters used in generating this table are printed on the top of the page.
Bayesian parameters were interactively requested at the time the program APROB4B was run (see Table 2 ). The table consists follows. The time period is (S,T), in days. S is the beginning of the time period; T is the end. T-S is the duration (in days) of the time period, and is given by the row. For example, looking at the block for M > 5.0 aftershocks, we see that for the 7-day period beginning at the time of the mainshock (T -S = 7 and S = 0), the probability value 0.705 is circled. This means that, during the 1-week period immediately after the Loma Prieta earthquake, there was a 70% chance of one or more M > 5 aftershocks.
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Also, in the 60-day period beginning 5 days after the main shock, there was a 35.5% chance of one or more M > 5 aftershocks.
Also, in the 30-day period beginning at the time of the main shock, there was a 3.7% chance of one or more M > 7 aftershocks.
The times corresponding to "S" (i.e., the columns) are selected interactively when program APROB4B is running, with the question "Starting how many days after main shock?". ********************************************************* I N THE IMMEDIATE AFTERMATH OF A large earthquake in a populated region, numerous decisions will have to be made concerning the suspension and resumption of critical services, including the operation of utilities, industrial processes, transportation facilities, and schools. The need to resume these activities and to reoccupy structures that may have been weakened or partially damaged in the mainshock must be tempered by the expectation that one or more additional damaging earthquakes, including either a second, larger mainshock or one or more strong aftershocks, may occur (1, 2). Although most of the structural damage associated with an earthquake sequence occurs during the mainshock shaking, significant additional damage and loss of life has been sustained during strong aftershocks, particularly in structures weakened by the mainshock. Reliably assessing the extent of structural damage sustained in the mainshock for a particular structure may take several weeks or more. However, the need to reoccupy that structure may be urgent. To approach rationally the questions of when to resume certain activities and which structures to reoccupy, we must be able to assess the probabilities for the occurrence of both a larger mainshock and strong aftershocks.
The probability that a larger earthquake will follow an earthquake of a given magnitude has been estimated empirically for the southern California region from the occurrence rate of foreshocks (3). State and federal hazard evaluation and emergency response officials have included this assess- ment of the enhanced probability of a larger earthquake in responding to recent moderate events in California (4). We have developed a parametric model in which we describe stochastically an earthquake sequence and derive a probability for the occurrence of either a larger mainshock or a strong aftershock. Our model is based on data from California earthquakes, but can be applied elsewhere.
The distributions of aftershocks in space, time, and magnitude follow well-known stochastic laws (2, (5) (6) (7) (8) (9) . Indeed, aftershocks can be identified only in a statistical fashion; they bear no known characteristics differentiating themselves from other earthquakes. In general, the rate of occurrence of earthquakes increases abruptly after a mainshock, and then decreases with time after the mainshock according to a power-law decay, while the earthquake magnitudes have an exponential distribution that is stationary in time (Fig. 1) . We use these relations to model earthquake sequences and to estimate probabilities for the occurrence of strong aftershocks or larger mainshocks in any given time interval. We consider the combined probability that one or more additional earthquakes (strong aftershock or larger mainshock) will occur in a given magnitude range and time interval. We do not distinguish between the case of one such event occurring and that of more than one occurring; we assume that virtually all question * of public policy would have the same outcome in either case.
We model the aftershock process as a nonhomogeneous Poisson process in time with intensity, N(f), obeying the modified Omori law (7)
where t is time after the mainshock, and K, c, and p are constants. We model the magnitude distribution following the GutenbergRichter relation
where M is the aftershock magnitude, and A and b are constants. Then the rate, X, of aftershocks with magnitude M or larger, at the time t following a mainshock of magnitude Mm, may be expressed as We estimate the interval probabilities P(Mi, M2, S, T) by evaluating Eq. 4 over selected time and magnitude intervals, using point estimates of the constant model parameters. Probabilities for aftershocks arc obtained when MI -Mm. Probabilities for a larger mainshock are obtained when MI = Mm and M2 = °° (Tables 1 and 2) .
We have estimated the parameters in Eq. 3 using earthquake data from California (11) (12) (13) (14) . We identified 62 aftershock sequences (Mm ^ 5) occurring from 1933 to 1987 using a cluster recognition algorithm (10, IS) . Model parameters were estimated separately for each sequence with the method of maximum likelihood. We used all aftershocks with M ^ Mm -3 to determine the fit to Omori's Law (parameters a and /?); we used all aftershocks with M ^ 2 to determine parameter b (16) . Mean parameter values determined for these 62 sequences arc b = 0.90 ± 0.02, p = 1.07 ± 0.03, and a = -1.76 ± 0.07 (17) (Fig. 2) . These values arc similar to those obtained from comparable aftershock sequences worldwide. Ranges and median value of b are 0.51 to 1.33, median 0.83 for 13 sequences in Japan; 0.46 to 1.00, median 0.82 for 10 sequences in Southern California; and 0.56 to 1.36, median 0.82 for 10 sequences in Greece (7) . The range of most commonly reported values of p worldwide is ~1.0 to 1.4. Earthquake sequences in eastern California had significantly higher values of a than their counterparts in both the comprcssional regime of southern California and the strike-slip regime of central California, which implies that there is a higher probability for aftershocks in eastern California sequences ( 18). We refer to the distributions of parameter values determined for the 62 historic California sequences as the a priori distributions. The set of model parameters consisting of the medians of the a priori distributions (a = -1.67, b = 0.91, p -1.08, f = 0.05) is termed the "generic California" model ( Fig. 2; Table 1 ).
Estimated interval probabilities for the generic sequence indicate that most large aftershocks (those with magnitude one unit below the mainshock or greater) occur within a few weeks of the mainshock, and arc approximately seven times as likely as a greater mainshock in any given interval (Table 1). For example, the estimated probability that at least one M ^ 5.5 earthquake will follow a M = 6.5 mainshock in a generic sequence during the 1-wcck interval beginning 0.01 day after the mainshock is 0.34. After 15 days, the 1-wcck probability drops to 0.03. The estimated probability for the occurrence of a larger mainshock in the 30-day interval beginning 0.25 days after the mainshock is 0.04 (19) .
Primary support for the validity of the generic model for earthquakes with magnitude larger than the mainshock is obtained independently from the empirical frequency of foreshocks. During the first 7-day interval following M ^ 5.0 earthquakes in southern California, the probability (determined from the foreshock occurrence rate) that another earthquake of equal or greater magnitude will occur is 0.056 (20) . The corresponding probability estimated with the generic California model is 0.049 (Table 1 ). The agreement between these estimates for the immediate probability of a larger mainshock provides some confidence that our model is approximately valid in this extended magnitude range. Thus, the generic model provides a useful starting point for estimating post-mainshock hazard in the absence of any information about a particular sequence other than the mainshock magnitude. However, departures from this generic behavior arc expected in any given aftershock sequence.
Two recent earthquake sequences serve to illustrate such departures: the 1983 (M = 6.5) Coalinga earthquake and the 1987 (M = 5.9) Whitticr-Narrows earthquake (21) (22) (23) . The magnitude distributions for these sequences differed slightly (b = 0.73 for Whitticr-Narrows, b = 0.89 for Coalinga). The Coalinga sequence was'more productive in aftershocks (a = 1.47) than the Whitticr-Narrows sequence (a --1.60), and the decay in its rate of aftershocks was slower (p -1.06 for Coalinga; p = 1.50 for Whittier-Narrows). These contrasts in model parameters account for substantial differences Jn the resulting probability estimates, both between these sequences and relative to the generic sequence, and illustrate the variation of hazard among California earthquake sequences (Table 2 ) (24). For example, the calculated probability for the occurrence of one or more M > 4.9 events at Whitticr-Narrows during the 1-wcck beginning 1 day after the mainshock was 0.10 ( Table 2) ; one aftershock in this magnitude range occurred 2.8 days after the WhitticrNarrows mainshock (Fig. 1A) . At Coalinga, the estimated probability for one or more M ^ 5.5 events during the 90-days beginning 1 day after the mainshock was 0.39; one strong aftershock (M = 5.8) occurred at Coalinga 80 days after the mainshock (Fig. IB) .
A much more practical use of the model is the calculation of interval probabilities for aftershocks or larger mainshocks in real time during an ongoing aftershock sequence. The model parameters for an ongoing earthquake sequence can be estimated with Bayes rule (25, 26) . We assume that the a priori estimates of each parameter, 0, arc normally distributed with some mean value 60 and variance <TO, and that the a posteriori estimate of the parameter, determined from a sample of size^w, is normally distributed with some mean 6 and variance a2. Then the Baycsian estimate of 6, for a mean squared error loss function, is given by 'e0 (5)
hus, Bayesian estimates, 6B, of the model parameters can be obtained throughout the sequence, with accuracy increasing with time after the mainshock. Immediately after the mainshock, the calculation of SB heavily weights the a priori mean parameter value; during the course of the aftershock sequence, the a posteriori parameter estimates arc increasingly weighted as the current data become more numerous and a2/« becomes small compared to <TO. Monte Carlo simula- tions indicate that, for the generic California sequence, the a posteriori parameter estimates receive more than half the total weight within approximately 24 hours. Thus, immediately useful and increasingly accurate estimates of probabilities for aftershocks or larger mainshocks can be obtained during an ongoing earthquake sequence.
Our statistical model is completely general, and can be easily extended to other geographic or tectonic regions; only the a priori parameter values arc particular to California. The ability to estimate parameters for an ongoing sequence, however, obviously depends on the availability of network processing with the capability to locate epicenters and to estimate magnitudes accurately in real time.
In the present model, the estimated values of the parameters arc essentially determined from the smaller magnitude earthquakes. Justification for extending the model to larger magnitudes is provided by the close agreement between the estimated probability for larger mainshocks that we determined and the observed foreshock frequency in Table 1 . Interval probabilities, P(Mt , Af2, S, T) for the generic California aftershock sequence for strong aftershocks or larger mainshocks (Mi = Mm -1, Af2 = °°), and for larger mainshocks only (Mi = Afm, Af2 -°°). southern California. Furthermore, the model should be applicable at larger magnitudes for a self-similar process, and California seismicity is apparently self-similar over a wide range of magnitudes (27) . Although there is some evidence that the GutenbergRichtcr magnitude relation may systematically underestimate the number of larger magnitude earthquakes worldwide (7), it adequately accounts for the California data.
We have adopted a simple inverse powerlaw time decay to describe aftershock rate. More sophisticated models with more parameters such as trigger and epidemic models, models allowing for secondary or multiple aftershock sequences, and those based on a combination of power-law and exponential time decays may be appropriate for modeling some complete sequences that include numerous observations (28, 29) . However, we preferred to develop a simple model to ensure that the estimation of parameters is stable during the early hours of an ongoing aftershock sequence when precious few data are available from which to infer a larger number of parameters.
The simplification of the spatial distribution of aftershocks described above precludes any inference of the detailed spatial distribution of aftershocks or larger mainshock (30) . However, from the standpoint of early hazard evaluation, detailed spatial resolution of the expected earthquake activity may be effectively limited by a lack of knowledge about the mainshock faulting process. As such data become available in the days following the mainshock, appropriate corrections to the isotropic results could be applied.
!TECHNICAL COMMENTS broid systematics because it provides a phylogenetic signal over an issue where morphology is equivocal due to homoplasy. In a maximum parsimony analysis of all informative nucleotide sites (J), billfishes composed one clade, and all other scombroids composed a separate clade. Gasterochisma was nested within the nonbillfish clade. In placing billfishes so distant from the scombrids, and thus the butterfly mackerel, our study provides strong evidence for two conclusions: cranial endothermy evolved two times, and it evolved independently in very distantly related lineages.
In 300 replications of the bootstrap procedure with the use of a heuristic search on all informative nucleotide sites (5), a grouping of all cranial endotherms (billfishes + G aster ochisma) did not occur. This finding (3) represents direct evidence against the monophyly of cranial endotherms (6) . In a parsimony analysis of all informative amino acid sites (7), the strict consensus of 96 equally most parsimonious trees indicates separation of the billfish clade from Gosterochisma. Furthermore, a 10% increase in tree length is required to produce a topology that indicates monophyly of cranial endotherms (tree length increased from 111 to 122 amino acid substitutions). This difference in length represents highly significant statistical evidence against the monophyly of cranial endotherms according to the topology-dependent cladistic permutation test for nonmonophyly (8) . Our phylogeny and that of Collette et d. (3) support the same conclusion about how many times these evolved but differ significantly from the morphological phylogeny of Johnson (2) .
Beyond counting how many times endothermy has evolved we seek to understand the selective pressures that have favored the evolution of endothermy and the preadaptations that may have permitted its evolution in the Scombroidei. Thus, we must identify the ectothermic sister groups of the endothermic lineages.
The morphological hypotheses (I, 2) consider billfishes to be derived scombroids that share a most recent common ancestry with members of the family Scombridae. Caster ochisma. resides within the Scombridae in one of these studies (2) . The molecular data (3) indicate that billfishes lie outside of a clade composed of all other scombroids, suggesting that cranial endothermy evolved independently in two very distant lineages. The morphological data of Collette et ai (2) suggest that cranial endothermy evolved twice within a group of closely related fishes: the clade composed of billfishes plus Scombridae.
We have recently completed a second molecular analysis on scombroid relationships based on the nuclear gene lactate dehydrogenase b (9) . The LDH b nucleotide trees are similar to the cytochrome b trees and refute the monophyly of cranial endotherms with robust statistical support.
Johnson and Baldwin state that the addition of taxa could weaken the conclusions of our molecular phylogenetic analysis. This criticism could theoretically be leveled at any phylogenetic hypothesis. However, the addition (10) of taxa to the molecular phylogenetic analysis, including the wahoo, Acanthocybium solandri, a species which Johnson proposes is the sister group to billfishes, reinforces our conclusion (3) that the billfishes are distantly related to other scombroid fishes (Fig. 1) . Furthermore, our analysis of this enlarged cytochrome b data set rejects the hypothesis by Johnson (J) that Acanthocybium is the sister-group of billfishes and is consistent with the placement of the wahoo made by Collette et d. (2) . This conclusion is also strongly supported by the LDH b analysis.
Molecular data provide an important source of phylogenetic information for the Scombroidei, primarily because it complements existing morphological data and is informative in instances where morphological hypotheses conflict. We believe that historical patterns are best elucidated when a combination of different types of data, morphological and molecular, is used to corroborate and test phylogenetic hypotheses. We hope our study encourages such a synthesis.
John R. this model typically have been posed in probabilistic terms, such as, "There is a 50 percent chance of one or more magnitude 5 or larger earthquakes in the next 7 days." While such probabilistic statements may be clearly understood by scientists and emergency response officials, they often have created confusion and miscommunication among the press and general public. In an effort to more effectively communicate the aftershock hazard after the 17 January 1994
Northridge earthquake, we also provided the expected daily numbers of aftershocks of magnitude 3 and larger. We believe that this approach was better understood; it certainly reduced our need to explain some apparent paradoxes stemming from the public's unfamiliarity with statistical modeling. For example, it was frequently asked why our forecasts of probabilities of large aftershocks did not decrease after the occurrence of a large aftershock. The answer, which involves a discussion of the assumptions made in modeling aftershocks as a stochastic renewal process, is difficult to communicate in a press conference. The new forecasts of expected numbers of aftershocks more naturally conveyed a sense of how the Northridge aftershock sequence was decaying, and was expected to decay, with time. This approach, together with an explanation of the expected constant ratio in the numbers of large and small events, helped to communicate a sense of the temporal decay in earthquake ha:ard associated with large aftershocks. The Northridge earthquake sequence was slightly more productive than the generic California sequence, given its mainshock magnitude of 6.7 (2) . This characteristic was reflected in all our models. Estimates of the parameter a ranged from 1.1 ± 0.2 to 1.3 ± 0.2 during the first 10 days of the sequence, Table 1 . Corrected version of table 1 in Reasenberg and Jones (7) . Interval probabilities, P(M,, M2 , S, and 7), defined as the probability of one or more earthquakes occurring in the magnitude range (M. < M < M2) and time range (S ^ t < T), for the generic California aftershock sequence. settling at 1.3, approximately 1 SD above the generic value -1.67. The decay rate and magnitude distribution parameters for the Northridge sequence (p = 1.2; b = 0.9) are both close to generic values of 1.08 and 0.91, respectively. To track the models' predictive success, we compared the model-predicted daily earthquake counts to the actual daily counts. Models obtained with the use of data from the first 1, 2, 5, and 10 days after the main shock were used to calculate the expected number of M > 3 aftershocks on each of the first 12 days of the sequence (Fig. 1) . The actual counts of aftershocks in this period were generally well-predicted by those models based on data from two or more days. The model for the first 24 hours of the sequence overestimated a, underestimated p, and thus significantly overestimated the number of aftershocks in the days to follow. Such a lack of model constraint in the first 24 hours was expected on the basis of our earlier Monte Carlo experiments (I).
In the process of compiling modeling data ( Fig. 1) , we corrected an error in our formulation for calculating earthquake probabilities and expected numbers of aftershocks (4) . The error arose from our incorrectly treating X(t, M) as a density function, when in fact it is a density with respect to t and a rate with respect to M. Thus, X should not be integrated with respect to M to obtain the interval probabilities, as was indicated in equation 4 of our original report (J). This error, which entered into the calculation of tables 1 and 2 in our original report and in all estimates of aftershock probabilities to date (3), resulted in our underestimation of probabilities by up to a factor of approximately 2. However, the error did not affect the estimation of model parameters or the generic model in Reasenberg and Jones (]). Corrected probabilities for the generic California model, as defined in (1), have been calculated (Table 1) .
